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U = DiagZero(oiCdiag(ry)C" + asCdiag(rg)C' + asCdiag(ry)C' + asCdiag(ry)C ")

r. = PageRank(U) rq = PageRank(D)
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C l d 120 0 16 Extend model to account for
n O .. o .

On the Web ... rawlie 3 5 additional social networks
Not all links are equal 100 designs S i . features

from 3 69 , o |

= e et 3L =
68 creators - N = Learn model parameters from
, with = | | |

In design networks ... 1009 likes P00 001 002  0.03 0 20 40 60 data
Not all likes are equal 4 ranking change in rank

an The number of likes and Significant shifts in the Prove convergence

2524 promoters ranks are positively correlated rank of individual designs

Identify correlations between

The importance of a design is rank and design properties

influenced by the importance # of likes gﬁﬂ H-
of its creators and promoters, i
- K=

" : : £ W] ss¥4s,
and vice versa our algorithm - : LE S g‘:ﬁ

Highest Ranked Lowest Ranked

WUSTry
MOTORCYCLE
SHOP

‘s -
< t
) Debvery . R s
‘ .

. Develop mechanisms to identity
S — o | G and reward different types of
- users

J LLLINOIS hci.cs.illinois.edu apropose

UNIVERSITY OF ILLINOIS AT URBANA-CHAMPAIGN




